
Administrative Stuff

• Labs: Metcalf 107 Tues 5-7pm; Wed 3-5pm

• If you don’t finish, download sims (website)

• All assignments (simulation exercises and RR) are due *before* class

(1pm) on the date in syllabus. So you will only have this week’s lab to

work on HW2.

• Reading reactions: Better directly in email & put 1492 in subject title!

• CC Nick on all reactions
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e (E
e
−

V
m
)
+

g
i (t)ḡ
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l

(15)

C
an

n
o
w

so
lv
e
fo
r
th
e
eq

u
ilib

riu
m

p
o
ten

tial
as

a
fu
n
ctio

n
o
f
in
p
u
ts.

S
im

p
lify

:
ig
n
o
re

leak
fo
r
m
o
m
en

t,set
E
e
=

1
an

d
E
i
=

0
:

V
m

=
g
e ḡ
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e
+

g
i ḡ
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l

(18)



B
io

N
eu

ral
N
ets

1.
C
o
m
p
u
te

w
eig

h
ted

,su
m
m
ed

n
et

in
p
u
t:

η
j
≈

∑

i

a
i w

ij
≈

g
e

(17)

2.
C
o
m
p
u
te

V
m
:

V
m

=
g
e ḡ
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